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Contributions

1. We formulate inference-time planning interventions inside a measure-preserving coordinate space.
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Coordinate freedom. With z, = h(o,) and z,,, = F(z,, a,), a representable conjugacy
h=T-h, Fy,a)=TEFT"y,a))

keeps exact prediction and, when h(o,) ~y = N(0, I;) and T,y =y, the marginal too, while

Table 1. Shared-map controls. SR: residual task success; Flip: fixed-bank top-one replay reversal; TPR:
learned-feature two-sample detection at nominal 1% FPR (all %).
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from 1to 7.29695, so exact gradient descent contracts at (x — 1)/(x + 1) per step.



